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Pa3pa0oTka BUPTYaJbHOT0 aHAIH3AaTOPA JJIsl NPOU3BOACTBA METHJI-TPET-0yTHI0BOr0 3upa B
YCJIOBHSIX OTPAHMYEHHOI0 00beMa 00y4aronieil BLIOOPKHU

Paccmampusaemcsa 3a0ava nocmpoenus mooenu upmyansHozo anaiuzamopa (BA) onsa npouzeodcmea
Memun-mpem-0ymunoo2o 3Qhupa 8 yCiosusix 02PAHULeHH020 06vema ooyuaiowell 8bLOOPKU — MAOU NO CEOEMY
pasmepy aubo 8blOOpKuU, He codepacauyeli OaHHbLE MEXHOL0ZULECKO20 PENCUMA 60 8CeM OUANA30He UIMEHEHUs.
Kayecmea npooyKma, 4mo 00yclogiueaemcs HeCmayuoHapHoCmvio 00beKma YRpaeieHus, blCOKOU CIONCHOCHbIO U
CMOUMOCMbIO NOLYYEHUs OONOTHUMENbHOU UHGopmayuu. [{na nocmpoenus mooenu BA, obecneyusaioweil boiee
BbICOKYIO0 MOYHOCMb OYEHKU NOKA3AMENISL KA4eCmed 8bIX00H020 NPOOYKMA, NPedaazaemcsi dieopumm
doghopmuposanusi uCXoOHOU 0byuarowell 8blOOPKU C UCTIONb308AHUEM AHATUMUYECKOU MOOeTU
PEKMUPUKAYUOHHOU KOLOHHBL NPOYECCa NPOU3800CMEa MeMui-mpem-0ymuio8020 3pupa 6 yCio8usix moiHo
HeusgecmHoeo 3uavenus dggexmusnocmu macconepenoca no Mepgpu. BA, paspabomannwiii na ocrose
npeonazaemo2o areopumma, N0360.J1sen NOGbICUMb MOYHOCMb OYEHKU NOKA3AMENA KA4eCmed 8bIX0OH020
npooykma 00 40 %l.

Knrouesvie crosa: npedckazamenvroe MOOeIUposaHe, SUPMYAIbHbIIL AHATUZATNOD, PEKMUDPUKAYUOHHAS
KOJIOHHA, 00hopmuposanHas obyuarowas 6bl00pKa.

Camomornosa Ceemnana AneKcanoposHa — Miaowull HaAyuHvill COMpPYOHUK,
Topzawoe Anodpeit FOpvesuu — 0-p mexn. Hayx, 3as. 1abopamopueti CUCmeM YNPAGIeHUsS] MEeXHOL0UYECKUMU
npoyeccamu Mncmumyma asmomamuxu u npoyeccos ynpasienus Jaronesocmournozo omoenenus PAH.
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Samotylova S.A., Torgashov A.Yu. Developing a quality estimator for MTBE process based on an insufficient
learning sample

The paper discusses the development of a quality estimator (QFE) for an MTBE plant in the cases when the
learning sample either is small or does not comprise the whole of quality range because of process plant non-



stationarity as well as the difficulty and high cost of retrieving more information. To overcome the challenge, the
paper offers an algorithm for supplementing the original learning sample by means of a first principles model of an

MTRBE distillation column under the unknown Murphree tray efficiency value. The resulting QF enables 40%
improvement of product quality prediction.
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