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HpelII/lKTPIBHaﬂ AHAJIMTHKA COCTOSAHUSA 060pyaonaﬂnﬂ B XHMHMKO-TEXHOJOTHYECCKHUX IMpomeccax

Ilpoananusupogamnvl 0coObeHHOCTU OOTLUIUX OAHHBIX, 2EHEPUPYEMBIX XUMUKO-MEXHON0SUYECKUMU
NPoU3B00CMEamu, onpedensioujue 603MOHCHOCIb U CHOCOOLL NPUMEHEHUS COBPEMEHHBIX UHCMPYMEHNO8
MOHUMOPUH2A U NPEOUKMUSHOU AHATUMUKY COCMOAHUSA MEXHON02UYecko20 obopydosanus. Onucana nepeas 8
c80eM Klacce npous3so0CmeeHHas unpopmayuonto-anarumuyeckas niamgopma Honeywell Forge for Industrial,
obpabamvisarowas 6oabuile OaHHble, AHATUIUPYIOUAST COCMOSHUE NPOYECCO8 U 000PY008aAHUs U
npeodoCcmasnaowas peKomeHOayuu OJis UHMEeLIeKMYAIbHO20 YIPAGIEHUs], HAOEHCHOU U ONMUMATbHOU
IKCHLyamayuy npouseoocmed. H3znoicenvl npunyunst coopa u n0020moeKu OaHHbIX, MOOETUPOBANUS
000pYy008aAHUS, NPEOUKMUBHO20 0OHAPYICEHUS U 0OPAOOMKU COObIMUL, COOMEEMCMEYIOWUX HAPYUIeHUSM PadOombl
u omxazam 0o6opyoosarus. O6CYHcOAOMCA XapaKmepUCmuKy pasiuiHbIX Memooos NpeouKmugHo aHATUMUKY U
nPUBOOUMCs NPAKMUYECKUL NPUMep ee UCNOIb306aAHUA.

Knrouesvie cnosa: 6onvuiue aaHHble, XUMUKO-MeXHOoIocUYecKue npoyeccsl, 06C]ZyJ/CM6aHu€ no cocmosHuio,
MOHUMOPUHS COCMOAHUA 060[7_)/006‘07-114}1, npeOuKmueﬁaﬂ anaiumuka, ouaznocmuyeckue u npocHocmu4decKkue
MOO@JIM, pacnosnaeadue 06pa306, Hapa60m1<a HA OomKdas.

Bnaooe Poman Anexcanoposuy — oupekmop no pazeumuro 6blCOKOMeXHOI02UYHBIX PeuleHUll i KOHCATMUH2d
(CHI" u cmpanwr Kacnuiickozo pecuona),

Jo3zopues Buxmop Muxaiinosuy — 0-p mexu. HayK, npog., Oupekmop no cmpame2uu 1 pazeumuio ousmneca
BbICOKOMEXHONOSUYHBIX PEULeHUI,

ILlaioynnun Penam Ansaposuy — cmapuiuii KOHCYIbMAHN NO 8bICOKOMEXHONIOSUYHBIM PEULEHUSIM,
Benoycoe Onez IOpvesuu — xoncyriomanm no gvlcokomexnonocudnvim peutenusim AO «Xonegenny.
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The paper analyzes the features of big data generated by chemical plants. These features determine the
possibility and the ways of applying state-of-the-art monitoring and predictive analytics tools for process
equipment. Honeywell Forge for Industrial is the first-of-its-kind production analytics platform for big data
processing big data processing the analysis of process and equipment condition and offering the recommendations
for intelligent process control, reliable and optimal operations. Data acquisition and preparation, key concepts of
equipment modeling, predictive detection and processing of events related with process upsets and equipment
failures are examined. Featured properties of various predictive analytics methods are discussed, and application
case is included.
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