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H.A. Fabuu (OO0 «CBJ Bcmpausaemvie Cucmemul»)

O npuMeHennn nHTepdepeHHOHHON HeHPOHHOI ceTH I/l JMHAMHYECKOI0 AHAJIN3A JAHHBIX B PeaJIbHOM
BpeMEHH

B cospemennbix onepayuonnblx cucmemax pearbHo20 6PeMeHU UMEIOMCSL UHCIPYMEHMbL, NO380SI0WUe NOTYYAmb
OaHHble 06 AKMUBHOCHU CUCHEMHBIX RPOYECco8. AHANU3 IMUX OAHHBIX SGISEMCS CLOJICHOU 3a0ayetl, YUumvleds
00veM Smux OaHHbIX U ux cmpykmypy. Mnmepghepenyuonnasn mooenv HellpoHHOU cemu 3apeKoMeH008ana cebs KaKk
VOOOHDBII U HAOEHCHBLUL UHCIPYMEHN, NPUMEHAIOWUICA 0118 PeuleHUs pa3IudHbIX 3a0ai MAUUHHO20 00yYeHUs U
MawunHo2o 3penust. IIpumenenue smoi Mooenu 0isk peuteHust 3a0auu OUHAMUYECKO20 AHAIU3A OAHHBIX NO360IUM
coenamo npoyecc 00yyeHus HelipOHHOU cemu OoJiee 2UOKUM 1 YOOOHBIM, YeM 8 KIACCUHeCKUX HEelpOHHbIX cemsx, d
maxaice obecnewum 0oJ1ee 8bICOKYI0 CKOPOCMb 00pAbOmMKU OAHHBIX.

Kniouegvie cnosa: ounamuueckuii ananus, 0OHapyjiceHue aHoManull, OnepayuoHHble CUCIEMbl PEATbHO20 BPEMENU,
MawunHoe oOyueHue, HelipoHHble cemu, Nepcenmpot, UHmMeppepeHYUuoHHAs MOOEb.
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Babich N.A. Application of interference neural network for real-time dynamic data analysis

Present-day real-time operating systems include the tools enabling data acquisition about the activity of system
processes. Their analysis is a complex task in view of data size and structure. An interference model of a neural
network has proved to be a convenient and reliable tool in a variety of machine learning and machine vision
applications. Its application in dynamic data analysis make the network learning process and more convenient and
flexible as against the conventional neural networks, it will also increase the data processing rate.
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