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O.10. Cuezupes, A.FO. Topeawos (Mncmumym asmomamuxu u npoyeccog ynpasienus {BO PAH)

PA3ZPABOTKA AJAIITUBHBIX BUPTYAJIBHBIX AHAJIM3ATOPOB JJIAA IPOMBIIIJIEHHBIX
PEKTU®OUKAINOHHBIX KOJIOHH C IPUMEHEHUEM KJIIACTEPU3AIIUN

Paccmampusaemces pewenue 3a0auu nocmpoenuss a0anmueHbX SUPMYAIbHbIX AHATUZANOPOE C UCTONb308AHUEM
Memooos  Kiacmepuzayuu HA  npuMepe  PeaxkyuOHHO-peKMUDUKAYUOHHO20 — MEXHON02UUEeCKo20 — npoyecca
npou3eoocmea  Memun-mpem- Oymui08020 dQupa U PeKMuDUKAYUOHHLIX KOJIOHH YCMAHOBKU NePEUYHOIL
nepepadomku uHeghpmu. Memoowl Kiacmepuzayuu npeonacaemcs UCnoIb308ams 015 OYEHKU YenecoodpasHocmu
obHosneHus napamempos mooenu. Ilpednodicen u npomecmuposan Ha NPOMBIUIEHHLIX OAHHBIX ANCOPUMM
QYHKYUOHUPOBANUA  A0ANMUBHO20 SUPMYATLHO20 AHAIUZAMOPA € NPUMEHEHUEM «OBUNCYWe20Cs OKHAY U
Kkaacmepusayuu. Ilposedeno ucciedosanue 3a8UCUMOCU THOYHOCIU NOKA3AHUL BUPMYATLHO20 AHAIU3AMOPA OM
WUPUHBL OKHA 00YHatoweli 6b100PKU U pACCMOMpPerbl Kpumepuu 0iis 6b100pa ONMUMANLHO20 3HAYEHUS WUPUHBL OKHA.
Ilokazano npeumyujecmseo npeoyodHCeHHO20 A0anMueHO20 SUPMYAILHO20 AHANU3AMOPA ¢ Klacmepuzayueli no
MOYHOCIU U NO BPEMEHHbIM 3ampamam OJi nepecuema napamempos MoO0enu, no CPAGHEHUI ¢ MpPAOUYUOHHbIM
NnOOX000M K ad0anmayuu napamempos Mooeu Ha Kaxircoom uiaze.

Kniouesvie cnosa: seupmyansvHulii ananuzamop, adanmayus, Kiacmepusayus, Menmoo 4epedyrouuxcs YCi08HbIX
MaAMeMamuyeckux ONCUOaHUL, nepeuynasl nepepabomKa Hemu, peakyuoHHO-pEeKMUGUKAYUOHHBIL NPOYecc.

Cnezupeeé Onez FOpvesuy — mnadwiuii HAyuHbIl COMPYOHUK,
Topzawoe Andpeit FOpvesuu — 0-p mexn. Hayk, 3a8. 1abopamopueti CUCmeM YNPAGIeHUsI MEeXHOL0UYECKUMU
npoyeccamu @®I'BYH «MUncmumym asmomamuxu u npoyeccog ynpasienus Jaronesocmoynozo omoenenus PAH.
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Snegirev O.Yu., Torgashov A.Yu. Clustering approach in adaptive soft sensors development for industrial
distillation columns

Clustering-based development of adaptive quality estimators (aka soft sensors) is discussed with the case studies of
crude distillation and MTBE processes. Clustering methods are used for assessing the expediency of model
parameters update. For adaptive soft sensor, a sliding window algorithm with clustering is offered and tested on
real-life process data. The relationship between soft sensor accuracy and the learning sample width is investigated,
optimal width selection criteria are examined. The paper highlights the advantages of an adaptive soft sensor with
respect to accuracy and model parameters recalculation time as against the traditional approach to model
parameters recalculation at each time step.
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