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JLII. Kapmaues (AO « TomexHUITHneghmo »,
Hayuonanonouii uccneoosamenvcrkuii Tomckuii noaumexuuyeckuti yHugepcument)

INPUMEHEHHWE METOAOB MHTEJUIEKTYAJIBHOI'O AHAJIN3A 3KCILTY ATAIIMOHHBIX
CTATUCTHYECKHUX JAHHBIX JJIA MPOI'HO3UPOBAHUA BPEMEHU HAPABOTKH HA OTKA3
IMPOMBICJIOBBIX TPYBOITPOBOJOB

IIpeocmasnenvi  pe3yrbmamuvl UCCIE008aAHUA, HANPAGIEHHO20 HA CO30aAHUe IKCNEPMHOU Ccucmemvl 6vl00pa
MamepuanbHo20 UCHOTHEHUA U CHOCODA BHYMPeHHel aHMUKOPPOIUOHHOU 3aujumbl NPOMBICIOBbIX MPYOOnPo80dos &
YaAcmu NPUMEHEHUs DA3TUYHBIX UHMELIeKMYATbHbIX Memo008 OYeHKU CMAMUCMUYECKUX IKCIIYAMAYUOHHBIX
OaHHBIX 00 OMKA3AX NPOMBICIO8bIX MpPYy6onpoeodos. Ilpusedenvl 0CHOBHble c8edeHUsi 00 UCXOOHOU BblOOpPKe U
nposedeHHOM pazeedouHom ananuze. ORUCAHbL NPOYECChl CO30AHUSL U OYEHKU Decpeccopos, OCHOBAHHBIX Hd
PA3TUYHBIX ANCOPUNMAX.

Kniouegvie cnosa: omxasvl npomMulCI08bIX mpyoOnpo68o008, NPOcHOIUPOBAHIE OMKA308, UHMENEKMYANbHbIl
AHANU3, CTYYAUHBLIL J1eC, 2PDAOUEHMHDBLI OYCMUHE, PecpecCUOHHbIE MOOEU.

Kapmauee /lenuc Ilasnoeuu — seoyuuii unsicenep omoena ACYTII AO « TomckHUITHnegpmv »,
Hayuonansnouii uccnreoosamenvckuti Tomckuti noaumexnuseckutl yHugepcumen.
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Karmachev D.P. Field data mining in field pipeline life prediction

The paper presents the results of the research aimed at the development of an expert system for selecting the material
and internal corrosion protection of field pipelines based on pipeline failure data mining. Basic information about
the initial sample and the exploration analysis undertaken is provided. The development and assessment of regressors
by various algorithms is described.
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