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MogaeaupoBanue Kudep-(pu3n4ecKHX COCTOSIHUM YCTAHOBKH KaTAJIUTHYECKOI0 KPeKMHIa

Mooenuposanue cocmosnuii noopazymesaem nod coboil evioerenue 060CoOIEHHbIX 2PYNN OAHHBIX U3 UHDOpMAYyUU
06 obvexme. B pabome noxkasana npumMeHUMOCmb NOHAMUSL «COCMOsIHUE» K Hepmenepepabamvisarouyeti
yemanogke.IIpodemoncmpuposanvl mamemamuyeckue cnocoobl bl0ene s COCMOSHUL, NPEOI0NCEHO HOBOe
nousamue cmabunvHo2o cocmosanus. Iloxazana 603mModicHocmy uHmMepnpemayuy 8bl0eIeHHbIX COCMOAHUL Yepe3
nokazamenu Kaiecmed GbinycKaemou npoOyKyuu.

Kniouesvie cnosa: Kracmepusayus, COCmosHus pa6ombl YcmanoeKu, supmydailbhble aHAIU3Amopsl Kavecmed, 2paqb
COCmO}lHuﬁ, CMabUILHOCb COCMOSIHUSL.

Koweeoli Bukmop Onezoeuy — éedywuii cneyuanucm, Jlagpukoea AHHa N'eHHaObe8Ha — nauanvhuk
omoena,

JleoHoea EneHa CepeeeeHa — cneyuanucm,

TMopoxHsik One2 Bo2daHoBUY — cneyuanucm omoena npocHo3uposanus mexronouveckux npoyeccog 000
“Aemomamuka-cepsuc”,

T'ymep Badum Bukmopoeuy — zrasnuwiii mexnonoz AO «I aznpomnedpmo-MHII3».
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Koshevoy V.O., Lavrikova A.G., Leonova E.S., Porokhnyak O.B., Guter V.V. Modeling cyber-physical states
of FCC unit

State modeling presumes the selection of isolated data blocks from the total plant information. The paper shows the
applicability of the ““state” concept to an oil refining unit. It demonstratesthe mathematical state selection
techniques and proposes the new stable state concept. The possibility of selected states interpretation through the
product qualities is demonstrated.
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