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®opMupoBaHHe BBIOOPKH HCXOJHBIX JAaHHBIX [/ MAIIMHHOrO OOy4YeHHs MOJeIH KPATKOCPOYHOIO
NMPOrHO3UPOBAHHUSA JIEKTPONOTPeOIeHHA

Paccmompenvl  60npocel  KpamkocpouHozo  NpOSHOUPOSAHUA NOMPeONeHUs  INeKMPUYECKol dHepeuu ¢
ucnonv3o8anuem memoda mawiunnozo odoyuenus XGBoost. [Ipednoocena cmpykmypa ancambns oepesbed peuieHull
epaouenmuoco bycmunea XGBoost, npeonasnauenuas 0nsa opmMuposanus npocHo3a 31eKmponompedieHus Ha CymKu
sneped. Onpeoenensl 3HAUUMbIE MEXHOIO2UYECKIUe napamMempyl U pasmep obyyaioweli 8b100pKuU O NPOSHOIUPOBAHUS
¢ mpebyemoti mouHOCmbio.

Kniouegvie cnosa: npocnosupoeanue diekmponompeOnenus, MawuHHoe oOyueHue, Oepesbs  peuleHull,
epaouenmublii 6ycmuHe.

T'opwenun Anexceii FOpvesuu — acnupanm, accucmenm OMCK020 20Cy0apCmMEeHH020 MEXHUYECKO20 YHUsepcumemad
(OMI'TY).
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Gorshenin A.Yu. Initial data sample generation for machine learning of power consumption scheduling
model

The paper discusses the problems of power consumption scheduling with the help of XGBoost machine
learning technique. A structure of the ensemble of XGBoost decision trees is offered for predicting power
consumption one day ahead. Significant process parameters and the size of the training sample are
determined for the specified prediction accuracy.
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