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IIpnmenenne (ppeiiMBOPKOB ABTOMATH3HPOBAHHOI0 MAIIMHHOIO 00y4YeHHUs B 3aJa4e KOPPEeKIUH NOKA3AHUM
KOPHOJIHCOBOI0 PacxoaoMepa

Paccmampusaemest 3a0aua koppexyuu NOKA3AHUL KOPUOTIUCOBO20 PACXO0OMEPA NPU NPOMEKAHUU MPex@azHou
cpeosl ¢ NOMOWBIO Memooo8 MawunHozo o0yuenus. Iloxazanvl npeumyuecmea modeneli awncamobiel oOepegves
Pewenutl R0 CPAGHEHUI0 ¢ MPAOUYUOHHBIMU NOOXOOAMU HA OCHOBE HEUPOHHBIX Cemell U Memood ONOPHLIX 6EKMOPOS.
Bnepevie 6 Oannoii 3a0aue ucnonvb3o06anvl cucmemvl AGMOMAMUUPOSAHHO20 MAWUHHO20 00yuenus. Haunyuuwue
pe3yrvmamsl nokasvieaem omedecmeentas cucmema LightAutoML komanowr SberAl, nocmpouswas moodens 8 125 pa3
bvicmpee, uem dKCHEPm U NPAKMUYECKU He YCIYNUBUAs. eMy 8 MOYHOCHIU.

Kniouesvie cnosa: xopuonucogulii pacxooomep, HelUpoHHble cemu, Memoo ONOPHBIX 6EKMOPO8, AHCAMONU 0epesbes
pewienutl, 2padueHmublll 6YCmuHe, CUCeMbl ABMOMAMUUPOBAHHO20 MAUUHHO20 0OYYEHUS.

Hopaesa Onvea Jleonuoosna — kauo. gus-wam. Hayk, doyeHm, cmapuiuii Hayuusitl compyonux HUJI mexnuueckoti
CamMoOUAZHOCMUKU U CAMOKOHMPOJIA NPUOOPOS u cucmem,

Jebeoes /lenuc Koncmanmunosuy — mazucmp, undicenep HUJI mexnuueckoii camoouazHocmuku u camoKOHmpoIis
npubopos u cucmem, PrAOY BO IOYVpl'Y (HUY)>.
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Ibryaeva O.L., Lebedev D.K. Application of automated machine learning frameworks in the problem of Coriolis
flowmeter readings correction

The paper examines the application of machine learning techniques for correcting the readings of a Coriolis meter
during three-phase flow measuring. It shows the advantages of decision tree ensemble models as against the
conventional approaches based on neural networks and support vector machine. For the first time, automated machine
learning systems are used in this task. The domestic LightAutoML system developed by SberAl team has demonstrated
the best results. It has built the model 125 times faster than an expert with comparable accuracy.
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