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CpeprouHbie HEHPOHHBbIE CeTH KAK HHCTPYMEHT OOHapy:KeHHMsl O0beKTOB JKeJe3HOAOPOKHOM
HHPPACTPYKTYPbI

Paccmampueaemcest 603MONCHOCMb NPUMEHEHUST CEEPIMOYHBIX HEUPOHHBIX cemell Oisl 0OHapydicenusi 00beKmog
JHCENEZHOOOPOIICHOU UHPPACMPYKMYPbL NPU OBUICEHUU TOKOMOMUBA C YELbl0 NOBLIULEHUSL YPOGHS AGMOMAMU3AYUU 6
ynpagneHuu 0gudceHuem noe3008. Iloozomosnena modenv ¢ ucnonvsosanuem Hetiponrou cemu YOLOvVS, xomopas
OeMOHCIMpUpyem GblCOKYIO MOYHOCHb U NPOU3BOOUMETbHOCMb NPU PACHOZHABAHUL GU3YATLHBIX 00BEKMO8 8 pedcume
peanvrozo epemenu. Coenan 6v1600 0 yerecoodpasnocmu unmezpayuu YOLOVS 6 cucmemvl agmomamuiecko2o
YIpasieHust O8UdICeHUeM Nnoe3008 Ol NOGbIUEHUS. UX HAOEHCHOCMU 8 YCIOJNCHEHHbIX U OUHAMUYECKUX YCI0BUSX
Habmodenus 3a 00beKMamu no nymu C1e008aHusL.

Kniouesvie cnosa: aemomamuszayus, #Cene3HO00POAICHBIL MPAHCHNOPM, JHCENEe3HOOOPOIICHAA UHPDPACMPYKMYpA,
MexXHUYecKoe 3peHie, C6epmoUHble HEUPOHHbIE Cemi.

Deoopoe Braoumup Anamonveeuyu — acnupaum,
0zopoonukosa Onvea Muxaiinosna — 0-p mexu. HayK, npog. Kagdeopsvl INEKMPOHHO20 MAUUHOCMPOEHUS,
Ypanockuii pedepanvhoiii ynusepcumem.
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Fedorov V.A., Ogorodnikova O.M. Convolutional neural networks as a tool for detecting railway infrastructure
objects

The paper discusses the possibility of applying convolutional neural networks for detecting railway infrastructure
objects during locomotive movement for improving the automation level in train traffic control. A model using YOLOvS
neural network is developed, which demonstrates high accuracy and performance in real-time recognition of visual
objects. The paper concludes about the expediency of YOLOVS integration in train automatic traffic control systems for
improving their reliability in complicated and changing observation conditions along the line.
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