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Meton MOCTPOECHUS BUPTYAJIbHBIX AHAJIU3ATOPOB B YCJIOBUAX MaJioi 06yqa101ueii BLIﬁOpKH AJIAA YIIPpaBJICHUSA
Ka4Y€CTBOM ILI€JICBBIX NIPOAYKTOB (I)pammonaTopa YCTAaHOBKHA T'MAPOKPEKUHTIa

Paccmampusaemcs 3a0aua nogvlulenusi MOYHOCIMU BUPTYANbHBIX AHATUZAMOPOS NoKA3amenel NpOmueoOUsHOCHbIX
CBOUCME U BOCNIAMEHAEMOCMU YeNeblX NPOOYKMO8 (DpaKyuoHamopa YCmaHo8Ku 2UOPOKPEKUH2A 8 YCI08USIX MANOU
obyuaroweti evi60pku. TIpednosicen memoo nocmpoenust GUPMYAIbHbIX AHAIUZAMOPOS NOKA3AMENel KA1eCmed Yele6blx
NPOOYKMOS, He OMHOCAUUXCS K 2pynne nokasameneu ucnapsemocmu. B cocmase memooda ucnonvzyemes anecopumm
pacuwiupenust Manot ooyuaiowel  8blOOPKU ¢ YYemoM 68e0eHH020 nokasamens paspedcennocmu. Ilokazana
ahpexmusHoCmb NPEONIONCEHHO20 MEMOOa 8 CPAGHEHUU ¢ NOOX00aMU K NOCMPOEHUIO SUPMYAIbHbIX AHATUZANMOPOS
6e3 pacwupenus obyyarowel 6vlOOpKU UAU C pacuiupeHuem obyuarowel 6vlOopKu 0e3 yyema NoKaA3amens
PA3PEdNCEHHOCMU HA NpuMepe MOOeIUPOBAHUs MAKUX NoKaA3amesell Kauyecmed KAaK KUHEeMAmuyecKds 6s3K0CHb
cpednezo oucmunnama npu 40°C u memnepamypa CnubluKY KePOCUHOBOU (hparyuul 8 3aKpulmom muzie.

Kniouesvie cnosa: eupmyanvhvlii  ananuzamop, maunas 6blOOPKA, PA3PEN’CEHHOCMb, pAculuperue GblOOPKU,
HeUpoHHas cemb, peKmupurayusl, NOKA3amenu UCnapaeMocmu, NoKa3amenu npomueoUHOCHbIX C60UCME, ROKA3AMeNU
80CNNIAMEHAEMOCU.
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PAH).
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Shtakin D.V., Snegiryov O.Yu., Torgashov A.Yu. Soft sensor development based on small training sample for quality
control of hydrocracker’s fractionator products

The paper discusses the improvement of the accuracy of soft sensors of anti-wear properties and flammability
indicators of hydrocracker fractionator’s products in small training sample conditions. It offers a soft sensor
development technique for product properties not related with volatility. The technique includes an algorithm for small
sample expansion with reference to the introduced sparsity index. The method’s effectiveness is demonstrated as
against the approaches to soft sensor development without training sample extension or with its extension but not
allowing for sparsity index. Kinematic viscosity of mid distillate at 40 C and kerosene flash point in a closed crucible
were chosen for comparison.
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