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OO0HapyskeHre W pacno3HaBaHHe TEXHOTeHHBIX M CKPBITHIX IOANOBEPXHOCTHBIX O0BEKTOB € IMOMOIIBIO
HellpOHHBIX ceTell r’1y00KOro 00y4eHus

Ipeocmasnen  0630p  cywjecmsyiomux Memooo8 K OOHAPYICEHUIO U  PACNO3HABAHUIO TNEXHO2CHHbIX U
NOONOBEPXHOCMHbIX 00BEKMOE HA U300PANCEHUAX, 6 MOM YUCIE OCHOBAHHBIN HA NPUMEHEHUU HEUPOHHLIX cemell
anybokoeo obyuenus. Ilokazano npumeneHue memood Ce2MeHMayuu PA3HOSPEMEHHbIX MHO20CNEKMPALbHbIX
U306padCcenull 8 3a0auax OOHAPYIHCeHUst U PACNOZHABAHUSL MEXHOSEHHBIX U CKPBIMbIX NOONOGEPXHOCMHbIX 00bEKMO8 HA
UB0OPANCEHUAX C UCNOTLI0BAHUEM HEUPOHHBIX cemell 2ny60Kk020 oOyuenuss. Onucvleaemcs apxumexkmypa c8epmoyHoll
HeUpOHHOU cemu, KOmopas UChoab3yemcs 0l peweruss 0anHol 3adayu. Ilpusodsmces pesyibmamosi IKCHEPUMEHNOS,
npoeedennvix Ha Habope OaHHbIX, COCMOAWEM U3 U300PadNCenull 6UOUMO20 U UHPDPAKPACHO20 OUANAZ0HA ONUH 60H .

Kniouesvie cnosa: enyboxoe obyuenue, OUCMAHYUOHHBIIL MOHUMOPUHS, CEEPMOYHAS HEUPOHHAS CeMb, ONMUKO-
27IeKMPOHHbLE CUCTeMbl, MeniogusudecKue napamempbol.

TI'pomos Opuii IOpvesuy — 0-p mexu. Hayk, OUPEKMOp UHCIMUMYMA A8MOMAMUKY U UHPOPMAYUOHHBIX MEXHOL02UL,
Tambosckuti 20cyOapcmeeHHblll MeXHUYeCKUll YyHusepcumemn,

Huwyk Heopv Huronaesuuw — kamd. mexH. HAYK, HAYaIbHUK ynpaenenus [71asnoco ynpaenenusi UHHOBAYUOHHOZ0
pazeumus,

Poouonoe Baoum Bnaoumuposuu — acnupanm, Boponesicckuili eocyoapemeentulil 1ecomexHuyeckull yHUgepcumen
um. I ®. Mopo3zosa.
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Gromov Yu.Yu., Ishchuk L.N., Rodionov V.V. Detection and recognition of manmade and hidden subsurface




objects with the help of deep learning neural networks

The paper reviews the existing methods for the detection and recognition of manmade and hidden subsurface
objects on images, including the one based on deep learning neural networks. It demonstrates how the method of multi-
temporal image segmentation can be applied in such tasks. The convolutional neural network architecture is described.
The results of experiments conducted with the data sample comprising the images of both visible and IR wavelength
ranges are included.

Keywords: deep learning, remote monitoring, convolutional neural network, optoelectronic systems, thermophysical
parameters.





