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A.A. XKunenxos (CIIoI’ MTY)

AHAJIA3 COBPEMEHHOTO COCTOSTHHSI MPO0JIeMbl MPOEKTHPOBAHUSI NMPOrPAMMHO-ANMAPATHLIX YCKOPHUTEJIeH
BbIB0/Ia Mo/IeJieill I1y00Koro o0y4eHust

Onucwisaromes nepcnekmubl NPUMEHeHUsT NPOSPAMMHO-ANNAPAMHBIX YCKopumenel 8ble00a mooenell 21yboKo2o
00yyenus, a makdice pe3yibmamvl CPAGHEHUs ANNAPAMHBIX APXUMEKmYp YCKopumeneli 6616004 Mooenel 21y60K02o
obyuenusi. Paccmampusaiomes eapuanmel onmumuzayuu mooenei 2nyO6oxko2o 00yuenus, @YHKYUOHUPYIOWUX HA
DPA3TUYHBIX NPOSPAMMHO-ANNAPAMHBIX APXUMEKMYPAx, O KPUMepusiM VEeIuueHuss NUKOGOU Npou3gooumenbHoCnu,
yeenuuenust dQppexmusnocmu, cHudicenusi paboueti naepysku. Ilokazamnvr npeumywecmea npumenenus ILVIAC kax
nrameopmul 0 pazeeépmul8anuss Mooenel eyboKko20 00yueHuU.

Kniouegvie cnosa: npoexmuposanue, npocpamMmHo-annapamubie yckopumenu, mooenu 2nyooxozo obyuenus, IIJIHC.

Kunenkoe Anmon Anekcanoposuy — KaHo. myxH. HayK, 0oyenm, oupexmop Muncmumyma podomomexHuxku u
UHMELIEKMYAbHbIX CUCmeM, 3a8. Kapedpoi kubepguszuueckux cucmem, CII0I MTY.
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Zhilenkov A.A. The analysis of the state of the art of the design of hard-/software accelerators for deep learning
model inference

The paper analyzes the application outlook for hard-/software accelerators of deep learning model inference as
well as the methodology and design criteria for such accelerators and compares their hardware architectures. It
discusses three basic approaches to the optimization of deep learning models for their effective deployment on
various hard-/software architectures: peak capacity increase, efficiency improvement, workload reduction. The
advantages of PLD as a platform for deep learning model deployment are shown.
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