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A.A. Kabarnos (OmI'TY)

Wccneposanne metopos mawwmHHoro o6yueHms B 3aaade KnaccduKaLmm NaTTepHOB CUTHANOB
aneKkTpomuorpadpumn Ha OCHOBE «CbIPbIX» AAHHbIX

IIpedcmasaenul pe3ynbmanmvi UCCIEO08AHUSL MEMOOO8 MAWUHHOZ0 00YHeHUs. OIS KIACCUDUKAYUL RATNMEPHO8
cueHanos snexkmpomuozpagpuu. Ucnonv3oeancs oamacem, SKIOHAIOWUN pa3meyeHHble HeoOpabomannvle OaHHble
yemoipex dcecmog pyk. Jlamacem nooeepeaics npedo6pabomre, aHAIU3y U pazoeneHu Ha MpeHupoOsOUHbIe U
mecmogvie daHHble. B uccnedosanuu ucnoib308anucy ciedyoujue aneopummsl MAUUHHOZ0 00YUeHUs: HAUGHbLI
baiiecoscruii knaccugpuxamop (HBK), memoo k-onusicativiux coceoeil (knn), pewaroujue 0epesvsi, cryuaiinwlil iec,
Memoo Mawunbl onopusix eekmopos (MOB) 0ns 08yx s0ep (NOAUHOMUATBHO20 U PAOUANbHOU DA3UCHOU YHKYULL).
Oyenka mooeneti nPou3B00ULACH RO HECKOLLKUM NAPAMEempPam: NOCMPOCHUEe MaAmpuybl OWUbOK, 6bIYUCTCHUE
mounocmu, noaromol u_f-1 mepeol.

Kniwouesvie cnosa: aﬂeKmpOMuozpad)uﬂ, MaAUHHoe O6y'{€HM€, maccud)ukauuﬂ CUCHA06, MAWUHA ONOPHBIX 6EKMOPOSE.

Kaoanose Apmemuii Anopeesuy — cmapwuii npenooasamens kagh. «ACOUY» Oml'TY.
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Kabanov A.A. Investigation of machine learning techniques in the problem of electromyography signal pattern
classification based on raw data



The paper presents the results of a machine learning techniques study for the classification of electromyography signal
patterns. A dataset, which included labeled raw data of four hand gestures, was used. The dataset was pre-processed,
analyzed, and split into training and test samples. The following machine learning algorithms were applied: nanve
Bayesian classifier, k-NN method, decision trees, random forest, and support vector machine for two kernels
(polynomial and radial basis function). The models were assessed by means of error matrix construction and the
calculation of accuracy, confidence, and F1 score.
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