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HporpaMMH()e o0ecrneveHne I/l}IeHTl/I(l)I/IKaIII/IH AHOMAJIHI TEXHOJOTHYEeCKNX CHTHAJIOB

Kapounanvnas mooepnuzayus cywecmsyiowux ACYTII npusooum 6 nepgyio ouepeds Kk pacuupenuio ananumuieckux
UHCIMPYMEHMO8 8 cOCmage npoepammno2o obecnevenus. Ha mexywuil momenm uzgecmmuuvl Kak omoenbHvle Kiaccol
cucmem, KOmopwle peanrusyiom aHarumuieckue QyHKyuu, max u Hogvle KOHYenmyaibHble NOOX00bl K AHANU3ZY
npou3800CmMEeHHbIX OAHHbIX. B cmamuve npednazaemcs nooxoo Kk nNOCMpPoeHu0 npoepamMMHO20 0Decnedenus MO0y IbHOU
cucmemul UOCHMUDUKAYUY AHOMATUL MEXHOTOUHECKUX CUSHANLO8 C YYemoM ux ocobeHHocmell, demanetl
ANOPUMMULECKO20 0OeCheyeHUsl U BO3MONCHOCIEl UHMe2PAYUY 8 NPOMbIUUIEHHbIE CUCTIEMbL.

Kouesvie cnosa: ACYTII, uoenmugpuxayus anomanuil, mexHoio2uuecKue CUSHAIbL, NPOSPAMMHOe obecneyeHue.

Myp3sazynoe lamup Anvoepmosuu u Kapes Ceamocnas Bacunvesuu — accucmenmot kageopot « Teopemuuecxue
ocHoewl ungopmamuxuy HU TT'Y,

Samamun Anexcanop Bnadumuposuu — 0-p mexu. nayk, npog., oupexmop HUuHcmumyma npukiaoHot MamemMamuKy u
Komnvromepuvix Hayk HU TT'Y.
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Fundamental modernization of process controls results first and foremost in the extension of analytical software tools.
Analytical functions are currently available in certain system classes; also, new conceptual approaches to industrial
data analysis are known. The paper offers an approach to the design of software applications for a modular system of
process signal anomality identification. The approach allows for signal features, the details of mathematical
algorithms, and the possibility of integration into industrial systems.
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