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HpornosnpOBaHne TEXHUYECKOI'0 COCTOAHUSA IHCPTETUIECCKOT0 oﬁopyaonalmn: I[pOﬁ.]IeM])I U pelieHust

Ilpeocmaeneno mexywee cocmosanue, npobReMbl U MEHOSHYUU pa3eumus MexHU4ecko20 OOCTYHCUBAHU
aHepeemuiecko2o 060pydosanusa no cocmoanuio. Ilpogeden ananus uzgecmHulx NOOX0008, UCNONLIYEMBIX 8 CUCTNEMAX
npeduxmuseHotll ananumuku. Ilokazanvl ocnosHvle 3a0auu, KOmopvle He0OX00UMO peuwums Ol NOSbIUEHUs. KaYecmea
NPOZHO3UPOBAHUA THEXHUYECKO20 COCMOAHUA Mawiunvl. IIpodemoncmpuposansl npakmuueckue wiazi, Komopule
peanusytomes 8 cucmeme npeduxmugHo auvarumuxu IIPAHA Ona obecneuenus yugposoti mpaucgopmayuu
9IKCHILYaMaYUOHHBIX NPOYECCOB.

Kniouesvie cnosa: JdHepeemuyecKkoe 06opy()06aHue, cucmema npedukmuenoﬁ AHAIUMUKU, MEeXHU4YecKoe
060]1)/9!6‘14661)—!1/{6 no COCMOAHUIO, mamemamudecKkue Mobeﬂu, IKCcnepmHuas cucmema, 2u6pudnoe MO()Q]ZMpOBLZHue.

/I3roba IOpuit Braoumupoeuu, Yepneyxuiit Muxaun IOpvesuu — POTEK Juoacuman Conownc.
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Dzyuba Yu.V., Chernetsky M.Yu. Predicting the technical condition of power equipment: problems and solutions

The paper overviews the status quo, problems. and development trends of condition-based maintenance of power
equipment. It analyzes the existing approaches used in predictive analytics and discusses the key tasks to be addressed
for improving the quality of machine’s health prediction. Practical steps taken in the PRANA predictive analytics
system for ensuring the digital transformation of operation processes are described.
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